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ANLAV Report: NBN Australia

Executive Summary of Review Cycle - 10 June 2026

First Review Cycle

During the first validation cycle, NBN Australia provided detailed evidence that its Throughput 

Performance Management System (TPMS), built on Ericsson Managed Services, operates as an 

autonomous closed-loop service-assurance solution for the Fixed Wireless network.

The system autonomously translates service intents into executable task orders via an AI/LLM agent, 

performs real-time monitoring and AI/ML-based degradation prediction (CAT-Boost with automated 

model selection and retraining), analyses service impact, isolates root cause across network 

domains, generates and evaluates mitigation actions, and executes corrective measures with 

automated fallback and rollback without human intervention in the standard operational flow.

Validated scope is 4G LTE TDD. 5G is thinly evidenced (73 vs 38,400 tickets) and is a next-cycle 

item, and Experience is throughput-proxied. Read as an agentic AI closed loop - LLM reasoning 

agents over a product knowledge base, a self-learning prediction core, no human in the operational 

flow - all eight capabilities are confirmed at Option A, a validated Autonomous Network Level (ANL) of 

4.00. 
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Self-assessed scoring

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) 

requirements

Questions

Intent
Intent Translation & 

Fulfilment
A A

An AI/LLM agent (Athena AI) captures the 

user's natural-language intent and auto-

generates an executable JSON task order 

against the product knowledge base: intent, 

target nodes, throughput conditions (DL 

25000 / UL 5000), feature activation 

(AtmoDuctInterferenceReduction, 

CXC4012256) and 15-min ROP.

Each cell-level intent is registered in the 

TPMS database with task-status feedback; 

fulfilment is tracked via per-cell UE-

throughput improvement (Slides 11-14).

For Option A: The System 

automatically generates Service 

Assurance objectives (e.g., throughput 

targets, latency bounds) and policy 

actions based on Service intents, 

entered/updated by Person. The 

System evaluates and presents intent 

fulfilment based on implementation 

effect.

For Option B: The System processes 

Intent using predefined rules and 

policies. Intent fulfilment evaluation is 

manually validated.

Confirmed at Option A. The LLM 

agent translates free-form intent 

into an executable task order and 

the fulfilment loop is registered 

and measured per cell.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) 

requirements

Questions

Awareness

Service  

Performance 

Monitoring & 

degradation 

Detection

A A

The Task / Expertise-Reasoning agent 

continuously collects KPI, PM and CM 

data into the data lake and detects 

degradation and anomalies in real 

time, without human intervention; 

results are stored for the downstream 

agents, covering all three sub-

scenarios in one process.

The Key Notes for Fixed Wireless 

provide the interpretive criteria the 

agent applies over live counters 

(Slides 15-17).

For Option A: The System continuously 

monitors Service KPIs (throughput, 

latency, availability, experience KPIs, 

VoLTE/VoNR call drop rate) and 

detects performance degradation, 

outage or anomalies without human 

intervention.

For Option B: The System monitors 

Service KPIs and detects performance 

degradation, outage or anomalies 

based on predefined rules

.

Confirmed at Option A. Detection 

runs autonomously via the 

reasoning agent over the data lake, 

with no human in the loop.

.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) requirements Questions

Awareness

Service  

Performance 

degradation 

Prediction

A A

A self-learning framework runs a CAT-

Boost classifier plus an ensemble auto-

selected by RMSE / MAE, retrained on 

the full dataset, used to flag 

degradation risk about one hour before 

a throughput threshold is breached, 

without human intervention.

Triple Exponential Smoothing acts as 

the classical fallback (Slides 18-19).

For Option A: The System uses self-

learning AI Models to analyze Service 

KPIs and predicts SLA violations, without 

human intervention.

For Option B: The System uses dynamic 

rules (context-aware) or ML outputs to 

analyze Service KPIs and predicts SLA 

violations and may require human 

intervention (e.g. for model re-training).

Confirmed at Option A. Genuinely 

self-learning forecasting with 

automated model selection and 

retraining.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) requirements Questions

Analysis

Service  

Performance 

degradation Impact 

Analysis 

A A

The Expertise / Reasoning Impact-

Analysis agent autonomously quantifies 

service impact from detected and 

predicted degradation, current and 

historical KPIs and the product 

knowledge base (the ml-agent Ericsson 

documentation corpus), producing per-

cell impact labels (thp / interference / 

pktloss performance).

No human confirmation in the flow; the 

thresholds in the Summary Table are 

illustrative within the agent's reasoning 

(Slides 20-21).

For Option A: The System identifies and 

analyzes the impact of Service degradation 

using self-learning AI Models without human 

intervention.

For Option B: The System identifies and 

analyzes the impact of Service degradation 

using dynamic rules (context-aware) or ML 

Outputs and may require human 

confirmation to proceed.

Confirmed at Option A. An 

AI reasoning agent over a 

product knowledge base 

and ML prediction data, 

operating without human 

confirmation in a zero-touch 

loop.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) requirements Questions

Analysis

Service  

Performance 

degradation

Demarcation & Root 

Cause Analysis

A A

The Expertise / Reasoning Fault-

Analysis agent isolates root cause 

across domains (external interference, 

atmospheric ducting, mobility, hardware) 

using KPI, configuration, inventory and 

alarm data plus the product knowledge 

base, producing a per-cell ducting_status 

determination.

The Demarcation Criteria sit inside the 

agent's RCA processing logs and cite 

knowledge-base sources; no human 

confirmation (Slides 22-23).

For Option A: The System isolates and 

analyzes the root causes of Service 

degradation by evaluating contributing 

factors within or across network domains 

using self-learning AI Models, without 

human intervention.

For Option B: The System isolates and 

analyzes the root cause of Service 

degradation using Dynamic Rules (context-

aware) or ML Outputs and may require 

human intervention.

Confirmed at Option A. The 

agent evaluates contributing 

factors across network 

domains and derives a per-

cell root-cause output, 

matching the Option A 

description.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) requirements Questions

Analysis Solution Generation A A

The Synthesize agent autonomously 

generates optimal mitigation solutions 

from RCA results, performance 

prediction (CAT-Boost), cell 

configuration, historical KPI and the 

product knowledge base, producing per-

cell staged mitigation actions 

(mitigation_action_1-5) that vary by cell.

No manual intervention in the flow 

(Slides 24-25).

For Option A: The System generates 

corrective actions (towards specific user 

group, service type and Apps) to address 

Service degradation and continuously learns 

from past resolutions using AI Models, 

without human intervention.

For Option B: The System generates 

corrective actions using dynamic rules 

(context-aware) or ML Outputs and may 

require human confirmation.

Confirmed at Option A. 

Solutions are synthesised 

per cell from RCA, 

prediction and historical 

inputs, not a single static 

playbook applied uniformly.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) 

requirements

Questions

Decision
Solution Evaluation 

& Decision making
A A

The Evaluation agent autonomously 

evaluates multiple solution options with a 

documented risk / trade-off chain 

(symptom to causal chain to validation to 

fix to expected outcome), drawing on 

historical mitigation and rollback data 

(mitigation_apply_celldata_history and 

rollback_history).

It selects the network-appropriate action, 

classifies the sub-scenario and notifies the 

external ticketing system, with no human 

approval in the flow (Slides 26-29).

For Option A: The System evaluates 

multiple remediation options, 

analyzes risk and trade-offs, and 

selects the optimal solution using 

self-learning AI Models, without 

requiring human decision-making.

For Option B: The System evaluates 

remediation options, recommends the 

optimal solution to be executed using 

Dynamic rules (context-aware) or ML 

Outputs and may require human 

approval.

Confirmed at Option A (highest-

weighted capability, 20%). Multi-

option evaluation with risk / trade-

off analysis and history-informed 

selection, executed without 

human decision-making..

than fixed policy filtering.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Capability 

Area

Capability Score 

Claimed

Score 

Validated

Provided Evidence TMF (GB1503A) 

requirements

Questions

Execution
Solution 

Implementation
A A

The Scripting agent auto-generates 

Ericsson CLI from production 

knowledge (CPI) and exports the 

command file to ENM for execution; a 

closed loop triggers fallback / rollback 

on execution failure or when 

interference is no longer detected, 

without human intervention.

Auto-feedback and rollback evidence 

confirm the closed loop (Slides 30-

32).

For Option A: The System 

implements the selected 

corrective action and triggers 

fallback mechanisms in case of 

failure, without human 

intervention.

For Option B: The System 

applies corrective action and 

fallback mechanisms using pre-

defined rules, based on human 

approval

.

Confirmed at Option A. Autonomous 

execution with automated fallback / rollback 

and no human approval in the flow.

NBN Australia Response:

ANLAV Report: NBN Australia

First Review Cycle - 10 June 2026

June 10 2026First Review Cycle
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Thank you

Nikos Kontis 

Chief Validator

| nkontis@tmforum.org
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Individual Service  - Throughput  Performance Management System (TPMS)

AI-driven closed-loop service assurance for Australia’s NBN Co. Fixed Wireless network

Service Assurance 
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Background

Service Assurance is for Australia’s NBN Co.’s Fixed Wireless Network

• End-user throughput demands have increased significantly, requiring more complex networks.

• Traditional service assurance models are reactive and labour-intensive.

• AI enables intent-based automation, predictive analysis, and automatic closed-loop control.

• The TPMS solution introduces Intent-Based Operations (IBO), aligned with TM Forum’s AI-driven closed-
loop automation principles

Service Assurance is for Australia’s NBN Co.’s Fixed Wireless Network

• End-user throughput demands have increased significantly, requiring more complex networks.

• Traditional service assurance models are reactive and labour-intensive.

• AI enables intent-based automation, predictive analysis, and automatic closed-loop control.

• The TPMS solution introduces Intent-Based Operations (IBO), aligned with TM Forum’s AI-driven closed-
loop automation principles
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Solution Scope Description

Deployment context:
• The solution is deployed in the NBN Co.’s Fixed Wireless (FW) network, which operates as a 

Non-Standalone (NSA) 4G/5G TDD network delivering fixed-wireless data and voice services across a 
continent-scale network spanning regional and rural Australia.

Network architecture and current operation:
• The network is currently anchored in the 4G LTE TDD layer, with 5G deployed selectively in high-demand 

areas to enhance throughput. Approximately 5% of cells are currently 5G-enabled.

Evolution capability and roadmap alignment:
• The solution supports both 4G and 5G and is designed to enable a seamless migration from NSA to 

Standalone (SA), in line with NBN Co.’s planned transition by 2028. 

Measurement scope and evidence basis:
• As users are anchored on the 4G network and 5G coverage remains limited, all performance and user 

experience measurements—and the supporting evidence presented—are based on the 4G network.

Deployment context:
• The solution is deployed in the NBN Co.’s Fixed Wireless (FW) network, which operates as a 

Non-Standalone (NSA) 4G/5G TDD network delivering fixed-wireless data and voice services across a 
continent-scale network spanning regional and rural Australia.

Network architecture and current operation:
• The network is currently anchored in the 4G LTE TDD layer, with 5G deployed selectively in high-demand 

areas to enhance throughput. Approximately 5% of cells are currently 5G-enabled.

Evolution capability and roadmap alignment:
• The solution supports both 4G and 5G and is designed to enable a seamless migration from NSA to 

Standalone (SA), in line with NBN Co.’s planned transition by 2028. 

Measurement scope and evidence basis:
• As users are anchored on the 4G network and 5G coverage remains limited, all performance and user 

experience measurements—and the supporting evidence presented—are based on the 4G network.
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Solution Highlights

• Zero-touch operations (closed-loop): Continuous AI-driven monitoring and analytics

• AI-driven root cause analysis (RCA): Identifies impacted resources and underlying faults

• Autonomous policy-driven execution: Recommends and executes corrective actions without 
manual intervention

• Closed-loop assurance and observability: Provides multi-layer visibility of intent fulfilment 
through network health, cell-level mitigation (tabular), and geospatial visualisation 
dashboards

• Zero-touch operations (closed-loop): Continuous AI-driven monitoring and analytics

• AI-driven root cause analysis (RCA): Identifies impacted resources and underlying faults

• Autonomous policy-driven execution: Recommends and executes corrective actions without 
manual intervention

• Closed-loop assurance and observability: Provides multi-layer visibility of intent fulfilment 
through network health, cell-level mitigation (tabular), and geospatial visualisation 
dashboards



|  N/A  |  S  |  2026-05-19  |  Open  |  Page 5 of 33

Key Benefits
Key Benefits 
• Improved customer experience: Sustained uplift in service 

performance through proactive issue mitigation
• Reduced operational effort: Enables zero-touch operations, 

minimising manual intervention
• Faster issue resolution: Accelerates detection, analysis, and 

correction of network faults
• Enhanced operational transparency: Provides end-to-end 

visibility of network health and mitigation outcomes

Measured Impact
• ~200M traffic minutes annually (increasing, based on EoCY 

run-rate)
• Deployment across VIC, QLD, SA, WA and TAS 

Key Benefits 
• Improved customer experience: Sustained uplift in service 

performance through proactive issue mitigation
• Reduced operational effort: Enables zero-touch operations, 

minimising manual intervention
• Faster issue resolution: Accelerates detection, analysis, and 

correction of network faults
• Enhanced operational transparency: Provides end-to-end 

visibility of network health and mitigation outcomes

Measured Impact
• ~200M traffic minutes annually (increasing, based on EoCY 

run-rate)
• Deployment across VIC, QLD, SA, WA and TAS 
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Sub-scenarios: Ticket generation evidence and traceability (summary)
Summarized historical Ticket data – 4G network

Date from 01-Jan-2026 to 31-Mar-2026

Source data from the system used to generate the summary tables (left). 

Data extracted from the output database and used to automatically create Trouble 
Tickets (TTs) in the external Ticketing system. 

The last column shows fault sub-scenarios. See Slide 7 for 4G TT examples.

Summarized historical Ticket data – 5G network

Date from 01-Jan-2026 to 31-Mar-2026

Majority of impacted cells are from 4G network, 5G network contribution is insignificant: 
73 vs 38,400

Percentage of faults detected 
and fixed by the system
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Sub-scenarios: Ticket generation evidence and traceability

TPMS (automated 
remediation) 

Field intervention (truck roll)

Automatic Ticket Creation
Alarms are processed and trigger 
ticket creation in the external system

System Notifications (Alarms)
Network elements (eNB/gNB) generate alarms 
when faults or performance issues occur

Ticket Traceability
Tickets are linked to the impacted cell 
for end-to-end traceability
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Prediction: 
Cell performance 
improvements by 
mitigation actions

Cell KPI data, 
PM data and 

CM data 
Solution Preparation

CAT-Boost 
Classification

model

RCA analysis 
for 

performance 
degraded 

cells

Best Mitigation action to 
achieve best 
performance 

improvements
(Mitigation decision)

Optimal mitigation actions & 
stages, system auto-generates 
execution scripts

 Solution execution 
and

 Fallback handling

Actuation 

Monitoring and analysis

Predictive AI data model

Past 2 Years
TDI 

Data Sets

RSSI+PRB 
impacted cell list

Data 
engineering

&  Processing

Our solution
Performance degradation is mitigated by Predictive AI-based Solution TPMS

AI-based intent 
translation and 

registration 

Intent

Degradation 
detection & 

Trending 
analysis
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Assessment Methodology
• Assessed using the TM Forum GB1503A Service Assurance Questionnaire (Individual Services)

• Evaluation performed across defined sub-scenarios (introduced in slide 6): Service Anomaly & Stability, Performance and Experience

• Each sub-scenario is evaluated against closed-loop automation criteria
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Scoring

• The TPMS solution achieves Level 4 (High Automation) maturity under the TM Forum Autonomous Networks model

• Consistent capability is demonstrated across all sub-scenarios: Service Anomaly & Stability, Performance, and Experience

• The solution delivers end-to-end closed-loop automation, with AI-driven analysis, decision-making, and execution



|  N/A  |  S  |  2026-05-19  |  Open  |  Page 11 of 33

1. Intent Translation (Overview)

Intent input, translation and process sequence

Intent translation has actions:
1) AI chatbot captures user intent and generates 

actionable steps. Evidence in slide 12
2) AI/LLM queries the knowledge base to generate 

executable task orders. Evidence in slide 13

MSDP: Ericsson Managed 
Services Delivery Platform
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1.1 Intent Translation

Step 1: Intent Input 
through AI chatbot, 

Further prompts 
can be added in the 
chatbot box (if 
required)

Step 2:  AI generates 
actionable steps using the 
knowledge base

Evidence of Intent Translation 

User enters the Intent to the 
TPMS and it generates 
actionable steps via AI/LLM
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1.2 Intent Translation (Detailed Evidence)
Evidence of Intent Translation

Intent Translation: AI/LLM converts intent into executable task orders using the knowledge 
base. The screenshot below shows an example of a task order used in the TPMS

Order file header 
contains:  Intent, 
Target, Conditions, 
policy settings, 
Schedule period etc.

Node name in target 
area

Required KPI and 
Counters

Feature and 
parameter setting

Parameter for data 
collection frequency

True: request to  
provide task status 
feedback upon 
execution  from 
next AI agent

True: provides 
feedback from task  
outcome 

null:  no defined 
time frame, task 
will run  
continuously.
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1.3 Intent Fulfilment Evidence
Evidence of Intent Fulfilment

TPMS registration database contains intent details for each target cell

UE throughput improvements 
after the solution is implemented

Percentage of UE throughput 
improvement for each target cell

RED flag indicates the 
site has implemented a 
mitigation solution

Site performance and Ducting 
Interference: real-time 
Dashboard (VIC area)

WHITE flag indicates the sites 
are under monitoring with no 
mitigation applied yet.

A) Intent Registration & task 
status progress

B) Result Feedback
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2.1 Awareness - Service  Performance Monitoring & Degradation Detection

Service performance monitoring and degradation detection workflow covers all sub-scenarios: 
• Task Agent receives the task order and requests KPI/counter collection from the production network, storing data in the data lake
• At the same time, the Task Agent instructs the Expertise/Reasoning Agent to monitor KPIs and detect degradation based on the task order 
• Detected degradation results are stored in the data lake (evidence in Slide 16)

The red box highlights: 
1. Data collection
2. Data engineering
3. Performance monitoring and 

degradation analysis
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2.2 Awareness - Service  Performance Degradation Detection (Cont.)

Evidence 2: Agent logs

The agent uses a self-learning model and requires database credentials and location details. 
The following evidence shows how the Expertise/Reasoning agent operates: 
• Evidence 1: database tables used by the agent
• Evidence 2: Performance monitoring logs generated by the agent
• Evidence 3: Degradation detection results stored in the data lake, covering all three sub-scenarios in the same process

Evidence 3: Degradation detection 
outcomes in data lakeEvidence 1: Database tables 

used by Agent
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2.3 Awareness - Service  Performance Monitoring & degradation Detection (Cont.)

This low-
performance area 
is a TPMS target 
for improvement

This low-
performance area 
is a TPMS target 
for improvement

The real-time health dashboard is generated from the 
Expertise/Reasoning agent’s output data (stored in the data lake) and 
includes data from all three sub-scenarios in a single report
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2.4 Awareness - Service  Performance degradation Prediction

A self-learning model is integrated in TPMS for performance prediction
Inputs:
• Task order from the task agent
• KPI and historical data
• Product knowledge base
Output:
• Predictive model flags degradation risks one hour before throughput 

thresholds are breached

Workflow (see flow diagram below; evidence of data inputs and outputs is 
provided in Slide 19):
1. Task agent sends the task order to the prediction agent
2. The prediction agent retrieves KPI data and product knowledge base 

inputs
3. The self-learning model uses current and historical KPI data with product 

knowledge to predict degradation and stores the results in the data lake 
for use by other agents

• Multiple prediction models are deployed within TPMS’s 
self-learning framework. The best model is selected based on 
RMSE (Root Mean Square Error) and MAE (Mean Absolute 
Error). The selected model is then retrained on the full dataset 
and used for next-hour forecasting.

• The model uses Triple Exponential Smoothing with an additive 
trend and historical data to capture underlying trends, providing 
a fast and robust fallback that reduces noise and spikes.
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2.5 Awareness - Service  Performance degradation Prediction(Cont.)
Four evidence items are shown below:
• Evidence 1: Product knowledge base location
• Evidence 2: KPI and historical data tables used by the prediction agent
• Evidence 3: Prediction agent logs
• Evidence 4: Prediction results stored in the data lake, covering all three sub-scenarios in the same process

Screenshot of predictive model output
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3.1 Analysis - Service  Performance degradation Impact Analysis

TPMS uses the Expertise/Reasoning Impact Analysis agent to evaluate service impact
Inputs:
• Task order 
• Detected and predicted degradation data
• Current and historical KPI data
• Product knowledge base
Output:
• Service impact of performance degradation

System flow diagram
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3.2 Analysis - Service  Performance degradation Impact Analysis
The following evidence demonstrates how TPMS performs impact analysis using the expertise/reasoning agent
• Evidence 1: Product knowledge base location
• Evidence 2: Degradation and prediction data used by the agent
• Evidence 3: Agent logs showing impact analysis processing
• Evidence 4: Impact analysis results stored in the data lake, covering all three sub-scenarios
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3.3 Analysis - Service  Performance Degradation, Demarcation & Root Cause Analyses

TPMS uses the Expertise/Reasoning Fault Analysis agent to perform root cause analysis (RCA)
Inputs:
• Task order
• Degradation and impact analysis results
• Current and historical KPI data
• Configuration, inventory, and alarm data
• Product knowledge base
Output:
• Root cause of performance degradation or faults

System flow diagram as below
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3.4 Analysis - Service  Performance Degradation, Demarcation & Root Cause Analyses
The following evidence demonstrates how TPMS performs root cause analysis (RCA): 
• Evidence 1: Product knowledge base location
• Evidence 2: KPI data and impact analysis results used by the agent
• Evidence 3: Configuration and alarm data inputs
• Evidence 4: Agent logs showing RCA processing
• Evidence 5: Root cause analysis results stored in the data lake
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3.5 Analysis  -Solution Generation

TPMS uses the Synthesize agent to generate optimal mitigation solutions
Inputs:
• Task order
• Root cause analysis results
• Performance prediction data
• Cell configuration data
• Product knowledge base
Output:
• Optimised mitigation solutions for performance issues

System flow diagram as below
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3.6 Analysis  -Solution Generation(Cont.)
The following evidence demonstrates how TPMS generates mitigation solutions:
• Evidence 1: Product knowledge base location provided to the agent
• Evidence 2: Service impact analysis results and current/historical KPI data
• Evidence 3: cell configuration data
• Evidence 4: Synthesize agent logs
• Evidence 5: Solution options and results stored in the data lake, covering all three sub-scenarios
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4.1 Solution Evaluation & Decision making

TPMS uses the Evaluation agent to assess and select optimal mitigation solutions across different network types
Inputs:
• Solution options generated by the synthesis agent
• Network antenna parameters and topology
• Historical mitigation data
Processing:
• Evaluates solution options using risk analysis, policy rules (eg: ability to e-tilt antenna), and network constraints (eg: FW does not allow mobility) 
• Selects network-appropriate mitigation actions (e.g. tilt adjustment, parameter changes, feature activation) 
Output:
• Optimal mitigation solution after evaluation and filtering
• Sub-scenario classification (eg service degradation, hardware issue, performance degradation, step change, low throughput)
• Notification to the external trouble ticket system

System flow diagram

Evaluation agent
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4.2 Solution Evaluation & Decision making(Cont.)
The following evidence demonstrates how TPMS performs solution evaluation and selection:
• Evidence 1: Historical mitigation data used for decision-making 
• Evidence 2: Solution options stored in the data lake
• Evidence 3: Antenna operational parameters 

Evaluation 
agent
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4.3 Solution Evaluation & Decision making(Cont.)

The following evidence demonstrates 
how TPMS performs solution 
evaluation and selection:
• Evidence 4: Evaluation agent logs 

showing decision processing
• Evidence 5: Final mitigation 

solution selected after evaluation
Evaluation 

agent
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4.4 Solution Evaluation & Decision making(Cont.)
One evidence of solution decision making:
• Evidence 6: The Evaluation agent classifies sub-scenarios and selects the optimal solution, then notifies the 

external trouble ticket system for automatic ticket creation and issue tracking

TT types are derived from TPMS-classified 
sub-scenarios and include: Service degradation, 
Hardware issue, Performance degradation, 
Performance step change, Low throughput 
experience

These map to the three sub-scenarios defined in 
Slide 6
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5. 1 Solution Implementation

Solution Implementation: The Scripting agent generates CLI commands using production information, then 
transfers the command file to ENM for execution. It has two inputs:
• Final solution from Evaluation Agent 
• Product Knowledge (CPI) information database 
Output:
• CLI command for execution 

System flow diagram

Evaluation 
agent
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5. 2 Solution Implementation
Three evidences of solution implementation:
• Evidence 1: Production knowledge (CPI) file input to scripting agent 
• Evidence 2: Evaluation Agent log 
• Evidence 3: auto-generated CLI command file for ENM execution 
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5.3 Solution Implementation(Cont.)

The solution has a closed-loop implementation mechanism as shown in flow diagram. 
No human intervention required. 

Evidence of auto feedback of the 
implementation process

Fallback in case of failure or 
interference no longer detected

Two scenarios that trigger fallback: 
• execution fails 
• interference no longer detected

Implementation close loop Evidence




