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Limited funding and affordability programs must
be used efficiently and effectively.

Machine learning techniques can accelerate the
solutions to the building decarbonization problems
like never before.

First Layer: Four Score Component Models
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Normalized Criterion Scores

W(Emis) = 0.0, W(Elec) = 0.0, W(Cost) = 0.5, W(Burd) = 0.5
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bldg _id Prediction Score

Reduction = 0.865

Intended Outcomes

The optimized ranking of households
demonstrates which would most
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. Consult with utility engineers,
policymakers, authors of related
publications, academic researchers,
and environmental justice advocacy
groups to improve the model and
discuss implementation of findings.

buildings
. T[rade-off analysis between factor weight scenarios
« User input boosts explainability and
decision-making control
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