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2. Provide an open/free ‘do-it-yourself’ 3. Share: data, Al solution framework, and
guided book: a fully-reproducible . Python/R scripts
framework. :

1. Scalability and sustainability of Al solution
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Thank you!

“We need to develop the resilience and determination to tackle the
climate challenges faced by children of today and tomorrow.
Working with the European Space Agency that has expertise in earth
observation and complex model development, it was possible to
contribute to these objectives, through an understanding and an
innovation on climate resilience! Like almost every other kind of
innovation, it requires the ability to collaborate and share ideas with
others, get feedback and understand the needs. ESA is standing for
all these principles, which we, UNICEF, believe enable the conditions
for cocreating safer and healthier environment for children”.

E i
l::c 37:5
u I S 74
S 7
Hanoch Barlevi

UNICEF Regional Climate, Environment and Disaster Resilience for eVeW Chl |d

— 0 he c= ™ - ] W=

: sentinel-3
sentinel-sp

sentinel-s ¥

2 THE EUROPEAN SPALE AGENCY



